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Abstract –– In India, more than half a million students 

graduate every year and out of these, approximately more 

than 60% remain unemployed. It is because of the lack of 

the employability skills in students. This problem can be 

fixed by predicting the employability of students at the 

initial stages of course and by determining the factors, 

which are significantly impacting the employability of 

students so as to make them employable by the end of the 

course. To this end we have supervised Machine Learning 

algorithms to analyze data from educational institutions 

to predict the employability of students. In this paper we 

have collected the data from 500 students of various 

Engineering colleges in Hyderabad and applied 

Supervised Machine Learning algorithms such as 

Decision Tree, Support Vector Machine, Gaussian Naïve 

Bayes and K-Nearest Neighbor on the data to predict the 

employability of students and to determine the factors 

impacting the employability of students. It is clearly 

observed that Decision Tree and Support Vector Machine 

outperformed the Gaussian Naïve Bayes and K-Nearest 

Neighbor, by predicting the employability of the students 

with 98% accuracy. It is also clearly observed that factors 

like communication skills, aptitude and reasoning skills, 

mentor, family income status, quality of teaching in 

college etc. are significantly impacting the employability 

of students. 

 

I. INTRODUCTION 

In India, more than half a million students 

graduate every year and out of these, approximately 

more than 60% remain unemployed i.e. engineering 

colleges are producing large quantities (in number) of 

engineers instead of qualitative engineers. While 

there is a lot of demand for qualitative engineers in 

the market. It is very sad to keep producing engineers 

who are unfit for the employment. It has been an 

increasing problem for the country. This problem has 

to be sorted out as early as possible in order to make 

India a skillful and a powerful country. Hence it is 

necessary for the institutions to improve the quality 

of education. One way of improving the quality of 

education is Educational Data mining i.e. Use of Data 

Mining methods, Machine Learning Algorithms and 

different statistical techniques in education is 

Educational Data Mining (EDM).  

Data Mining has become a major research area 

in the field of education as educational databases are 

growing rapidly in the recent years. The educational 

data contains a lot of useful knowledge i.e. hidden 

information related to student performance. EDM 

uses various machine learning algorithms to analyze 

data from educational institutions to discover the 
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insights, inferences and different patterns of student’s 

behaviors and predict the performance of students.  

Machine Learning is where a machine, learns 

itself with the help of mathematical models, 

statistical techniques and algorithms to perform a task 

without being explicitly programmed and improves 

its performance with experience. There are two types 

of machine learning algorithms. One is supervised 

machine learning and other is unsupervised machine 

learning. They are selected based on the properties of 

the dataset. If the dataset has both input feature 

vectors and output labels then supervised machine 

learning algorithms are used, to build the classifiers 

so as to predict the output labels of the new dataset 

when the input feature vectors are given. They are 

also called as classification algorithms. If the dataset 

has only input feature vectors and no corresponding 

output labels then unsupervised machine learning 

algorithms are used, to build the clusters so as to 

predict the group or category, when the input feature 

vectors of the new dataset are given. 

A lot of research have been conducted on 

predicting student performance to improve student’s 

grades, to reduce student’s failure rates and to 

decrease student’s dropout rates. However our 

country is producing half a million graduates every 

year who are unfit for employment. Therefore 

research in the area of predicting the employability of 

student’s at the initial stages of course and 

determining the factors, which are significantly 

influencing the employability of students is required 

as it is helpful for higher education institutions, in 

order to enhance their teaching strategies or 

methodologies to meet the needs of the students.  

II. LITERATURE SURVEY 

During the process of literature review, I have 

gone through a lot of research papers, which focused 

on analyzing the educational data using data mining 

methods and machine learning algorithms for 

predicting students’ performance and for analyzing 

the learning behavior of students. Summarized details 

of few papers as follows. 

In this research paper [1], J K Jothi and K 

Venkatalakshmi have done the students’ performance 

analysis on the graduate student’s data which is 

collected from the students of batch (2008 to 2013) of 

the Villupuram college of Engineering and 

Technology. Clustering methods are used to analyze 

the student’s behavior and to improve the 

performance of students. It is basically a case study 

of data mining of educational data. Clustering 

methods such as such as density based, centroid 

based and distribution based clustering are applied on 

the dataset for predicting students’ performance to 

enhance the teaching methodologies in order to 

improve the performance of students. They 

concluded that educational datamining can improve 

student performance. 

In this research paper [2], Sheik and Gadage 

have done the analysis related to the student learning 

behavior by using various data mining models, such 

as classification, clustering, decision tree, sequential 

pattern mining and text mining. They used open 

source tools such as KNIME (Konstanz Information 

Miner), RAPIDMINER, WEKA, CARROT, 

ORANGE, R-Programming of different 

compatibilities and it has given an insight into the 

prediction of students learning behavior and 

evaluation of the models. 
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In this research paper [3], Mythili M S and 

Shanavas A R have analyzed and evaluated school 

student’s performance by applying classification 

algorithms using weka. They came with several 

classification algorithms such as J48, Random Forest, 

Multilayer perceptron and decision table with the 

data collected from the student management system. 

They have concluded that Random forest is 

performing well in analyzing the students’ 

performance.  

In this research paper [4], Dinesh A and Radhika 

V targeted on the techniques and strategies of 

instructional data processing for knowledge 

discovery from the data gathered from several 

universities. They mainly emphasis on the necessity 

of discovering hidden patterns related to student 

performance from the very large educational 

database. They stated that during the period of 1995 

to 2005, the relationship mining was in the leading 

position, during the period of 2005 to 2008, it was 

slipped to fifth place and during the period of 2008 to 

2015, 45% of research papers are moved to 

prediction. They also stated that prediction model 

will improve the students’ performance by acting like 

a warning system to the students at the initial stages 

of their academics. 

In this research paper [5], Osmanbegovic and 

Suljic conducted a study for identifying students’ 

performance in the end semester results at the 

University of Tuzla. They studied 11 factors for 

prediction and used naive Bayes classification 

algorithm for building model. They have concluded 

that the student’s variables such as socio-

demographic, secondary school percentage, entrance 

exam scorecard and attitude towards studying etc. are 

highly correlated to the performance of the student. 

In this research paper [6], Suyal and Mohod 

applied the association and classification rule to 

determine the students’ performance .The motivation 

of their research is to predict the weak students at the 

early stages of academics in order to reduce the 

failure rate by giving special attention to those kinds 

of students to improve their performance. They 

concluded that the predictions will be able to give 

productive recommendations to the higher 

educational institutions in decision making process 

and then the institutions will be able to enhance their 

teaching methodologies in order to meet the 

academic needs of students thereby reducing the 

failure rate of the institution. 

In this research paper [7], Noah, Barida and 

Egerton conducted a study to evaluate students’ 

performance by grouping the grading’s of students 

into various classes using CGPA. They used different 

methods like neural network, Regression and K-

means to identify the weak performers with the 

purpose of improving their performance. They 

conducted the research using student variables such 

as student admission process, gender, performance at 

the end of the course to evaluate the performance of 

student based on their admission process in order to 

enable university to mainly concentrate on admission 

process. They concluded that data mining plays a 

vital role in taking productive decisions for higher 

educational institutions in order to improve the 

student performance. 

In this research paper [8], Bhardwaj and pal 

described data mining techniques that help in early 

identification of student dropouts and students who 

need special attention. They have considered student 

attributes such as attendance, class test, semester and 
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assignment marks for early identification of student 

performance by using decision tree. 

It is clearly evident that all of the above research 

papers primarily focused on predicting student 

performance to improve the performance of the 

students in the academic exams in order to reduce the 

student’s failure rate and to decrease dropout rate 

from the schools and colleges. However our country 

is producing half a million graduates every year who 

are unfit for employment. Therefore research in the 

area of predicting the employability of student’s at 

the initial stages of course and determining the 

factors, which are significantly impacting the 

employability of students is required.  

In order to fix the problem of being unemployed 

after the graduation, we are aiming at predicting the 

employability of students at the initial stages of the 

course and determining the factors, which are 

significantly affecting the employability of students 

using the supervised machine learning algorithms. 

Predicting the employability skills of student at the 

initial stages course is very helpful to the higher 

educational institutions to enhance their teaching 

methodologies and to conduct proper pedagogical 

interventions in order to equip the students with 

employability skills by the end of the course. 

Hence student’s data should be gathered on a 

regular basis and predictions should be done. The 

prediction with high accuracy about the 

employability of students is very helpful to the 

institutions to make students employable by the end 

of the course. The methodology to predict the 

employability of the students during on-campus and 

off-campus recruitment process and determining the 

factors, which are significantly impacting 

employability of students using the supervised 

machine learning algorithms is as follows - collect 

the students data which include attributes such as 

students approach of studying the subject, aptitude & 

reasoning skills, communication skills, subject 

knowledge, having a mentor, caste, family income 

status, preference in selecting particular course, 

quality of teaching, time spent on social media, 

movies and pornography, romantic relationships, 

mother's education etc., and perform feature selection 

on this dataset to determine the optimal number of 

features. Then the supervised machine learning 

algorithms such as Decision Tree (DT), Support 

Vector Machine (SVM), Gaussian Naïve Bayes 

(GNB) and K-Nearest Neighbor (KNN) are applied 

on these reduced feature-set to construct the models 

with the purpose of predicting the employability of 

students in order to equip them with the skills 

required to become employable. 

III. SUPERVISED MACHINE LEARNING 

ALGORITHMS 

A. Brief introduction about the Supervised 

Machine Learning Algorithms used in the 

methodology 

Supervised Machine Learning algorithms are 

used to build the classifiers, if the given dataset has 

both input feature vectors and output labels. Those 

classifiers will predict the output labels of the new 

dataset when the input feature vectors are given. 

They are also called as classification algorithms. In 

this research supervised machine learning algorithms 

such as Decision Tree, Support Vector Machine, 

Gaussian Naïve Bayes and K-Nearest Neighbor are 

used to build the classifiers, for the student’s dataset 

which consists of feature vectors (students attribute 

sets, attributes are mentioned in table 1) and output 

label (Job) in order to predict the output label (job) of 

the new students. 
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1. Decision Tree 

For Building the Decision Tree Classifier,  

whole training dataset is considered as root node and 

this training dataset is divided into subsets by 

asking/placing the best question (a question based on 

attribute for which Information-gain is high and Gini-

impurity is low) at the root node. In response to that 

question, the dataset is divided into two partitions one 

is true partition and other is false partition. True 

partition contains all the rows for which the question 

is true. False partition contains all the rows for which 

the question is false. We will continue asking the 

questions at each and every node until we reach leaf 

node. To ask/place a question at a node, Gini-

impurity, Information gain and Entropy of that 

particular node to be calculated. Gini-impurity lets us 

to quantify how much uncertainty is there at the node 

and Information gain lets us to quantify how much a 

question reduces the uncertainty. Entropy computes 

the homogeneity at the node. They are calculated as 

follows 

Gini Impurity: 

𝐺 =  ∑ 𝑝(𝑖) ∗ ( 1 − 𝑝(𝑖) )

𝐶

𝑖=1

 (1) 

 C is number of classes. P(i) is probability of 

choosing a attribute with class i. 

Entropy: 

𝐻(𝑇) =  − ∑ 𝑝𝑖 log2 𝑃𝑖

𝐽

𝐼=1

 (2) 

Where P1, P2, P3 …., PJ   are the segments that adds up 

to 1, are indicating the percentage of each class 

existing in the child node that results from the 

partition of the tree. 

Information Gain: 

𝐼𝐺(𝑇, 𝑎) = 𝐻(𝑇) − 𝐻(𝑇|𝑎) (3) 

Where H (T) is Entropy of Parent.  (T|a) is weighted 

sum of entropy (children). 

2. Support Vector Machine 

For building SVM Classifier, the training data 

points are plotted in feature space. The plotted data 

points i.e. support vectors are separated by a straight 

line called Hyperplane. It means two classes are 

separated by a Hyperplane. The distance between 

Hyperplane and the closest class points is called as 

margin. For best SVM classifier, margin should be 

maximum. To build a best SVM classifier, there are 

few tuning parameters in SVM to make the margin to 

be a best possible maximum margin hyperplane. 

They are 

(a) The C parameter (The Regularization 

parameter), manages the trade amongst the 

smooth decision boundary and the one that 

classifies the training points accurately.  

(b) Linear kernels computes Hyperplane in 2D 

dimension. Polynomial and exponential 

kernels computes Hyperplane in higher 

dimensions. This is known as kernel trick. 

(c) The gamma parameter, describes to what 

extent the impact of a single training 

example spreads, with low values of gamma 

far away points are taken and with high 

values of gamma nearby points are taken for 

computing the hyperplane. 

3. Naïve Bayes 

For Building Naïve Bayes Classifier, 

Conditional probability is used. Which makes 

assumptions that the occurrence of a certain event C 

is dependent of occurrence of other event O.  

Conditional probability is given by, 
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𝑃(𝐶|𝑂) =
𝑃(𝑂|𝐶) 𝑃(𝐶)

𝑃(𝑂)
 (4) 

Where 

P (C) is the probability of event C. It is called as 

the prior probability. 

P (O) is the probability of the event O. It is called as 

evidence probability. 

P (O|C) is the conditional probability (likelihood), 

Occurrence of event O depends on occurrence of 

event C 

P (C|O) is the conditional probability, Occurrence of 

event C depends on occurrence of event O 

In machine learning classification problem, there 

are multiple features and classes say 𝑐1, 𝑐2, … … , 𝑐𝑘 . 

The main aim of Naïve Bayes classifier is to calculate 

the conditional probability of an object with features 

𝑥1, 𝑥2, … … , 𝑥𝑛 belongs to a particular class Ci. It is 

given by, 

𝑃(𝑐𝑖| 𝑥1, 𝑥2, . . , 𝑥𝑛)

=  
𝑃(𝑥1, 𝑥2, . . , 𝑥𝑛 | 𝑐𝑖). 𝑃(𝑐𝑖)

𝑃(𝑥1, 𝑥2, … … , 𝑥𝑛)
, 𝑓𝑜𝑟 1 ≤ 𝑖 ≤ 𝑘. 

(

5) 

Gaussian Naive Bayes is preferred, if the attributes of 

the training dataset having continuous values. Hence 

conditional probability is given by, 

𝑝(𝑥𝑖|𝑦) =  
1

√2𝜋𝜎𝑦
2

exp (− 
(𝑥𝑖 − 𝜇𝑦)

2

2𝜋𝜎𝑦
2

) 
(

6) 

Multinomial Naive Bayes is applied on multinomial 

distributed data, which mainly used for text 

classification. Bernoulli Naive Bayes is applied on 

multivariate Bernoulli distributed data. 

4. K-Nearest Neighbor (KNN) 

KNN model will predict the class label of new 

data point by finding the k nearest neighbor classes 

using Euclidean distance. Let q be the existing data 

point and p be the new data point and n be the 

number of dimensions starting from i. Then the 

Euclidean distance between two points is calculated 

by, 

𝑑(𝑝, 𝑞) =  √∑(𝑞𝑖 − 𝑝𝑖)2

𝑛

𝑖=1

 
(

(7) 

In k-nearest neighbor classifier, the distances 

between the new data point and existing data points 

are computed and are sorted in ascending order. If k 

= 1, then the nearest neighbor class will be assigned 

as target class for the new data point. A small value 

of k will have a greater impact on the result i.e., there 

is a high possibility of overfitting. A larger value of k 

makes it computationally costly and deposes the 

basic principle behind KNN (the points that are 

nearer might belongs to same classes). Choosing the 

value of k in K-nearest neighbor is the most 

challenging task. By using cross validation method in 

KNN algorithm, results can be optimized by testing 

KNN classifier with several values of k. The value of 

k which gives high accuracy with the model can be 

considered to be an optimal choice.  At times result 

will be tested with each and every possible values of 

k to yield good results. 

B. Technologies used for building classifiers 

1. Anaconda distribution, provides numerous 

data analytical tools such as jupyter 

notebook, spyder and also provides machine 

learning software’s such as scikit-learn, 

Tensorflow etc.  

2. Scikit-learn, a machine learning software 

which provides all libraries required to 

perform data analytics and predictions.  

3. Jupyter notebook, it’s an open source 

interactive web app to perform data 

analytics and predictions and also facilitates 

data visualization. 
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IV. METHODOLOGY 

A. Architecture of methodology 

Fig. 1.   Architecture of methodology 

B. Data gathering 

We have collected data from 500 students of 

various engineering colleges in Hyderabad from the 

session 2012 to 2016. Collected student data include 

attributes such as students approach of studying the 

subject, aptitude & reasoning skills, communication 

skills, having a mentor, caste, family income status, 

preference in selecting particular course, quality of 

teaching, time spent on social media, movies and 

pornography, romantic relationships, mother's 

education etc., are collected. These attribute values 

are taken as the dataset for building models. Table 1. 

Shows the attribute values of a student. 

TABLE1. STUDENTS ATTRIBUTES 

STUDENTS ATTRIBUTES 

ATTR DESCRIPTION DOMAIN 

Gender Student’s Sex {Male, female, guy} 

Caste Student’s caste {SC, ST, BC, OC} 

Income Family income status 
{Poor, 

Middle class, Rich} 

MQ  Qualification of Mother 

{None, Basic, Middle 

School, High School, 

Graduate} 

FQ  Qualification of Father 

{None, Basic, Middle 

School, High School, 

Graduate} 

MO 
Employment type of 

Mother 

{Educator, Healthcare, 

Civil Service, House-

wife, Other} 

FO 
Employment type of 

Father 

{Educator, Healthcare, 

Civil Service, Business, 

Other} 

Board 
Students high school 

board 

{ICSE, CBSE, State 

board, other boards} 

Med 
Students medium of 

school 

{Telugu, English, 

Others} 

Mentor Guardian of Student {Yes, No} 

SSC Students  SSC% 
 {>=90,89-80,79-70, 

 69-60,59-50, <50 } 

INTER Students  INTER% 
{>=90,89-80,79-70, 

 69-60,59-50, <50 } 

Course 
Preference for opting a 

certain course 

{distance, reputation, 

course preference, 

Other} 

Quota 
Students allotment of 

seat 

{Convener, 

Management} 

Com Communication Skills {Poor, Average, Good} 

Apt 
Aptitude & Reasoning 

Skills 

{Poor, Average, Good} 

Stay Student’s stay 
{Hostel, Room, 

Home} 

Study 
Number of study hours 

per day 

{ <=2hrs,3-5hrs, 5-7hrs, 

>7hrs  } 

Subj 
Student’s way of 

studying the subject 

{By-hearting, 

Understanding the 

subject } 

Attend 
Student’s 

attendance% 

{ >=90, 89-80,79-70, 

69- 60,59-50,<50} 

Teach 
Quality of teaching in 

college 

{poor, average,  good} 

Media 

Hours spent on Social 

Media, Watching Movies 

& Porn& playing games 

{ <=2hrs,3-5hrs , 

5-7hrs,>7hrs } 

Rom Romantic relation {Yes, No, Breakup} 

Friend Hanging out with friends {Low, Medium, High} 
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VCL 
Does Student use a 

vehicle 

{ Bike, Car, Bicycle,  

NA} 

WD 
Weekday alcohol 

consumption 

{ Low, Medium, High} 

WE 
Weekend alcohol 

consumption 

{Low, Medium, High} 

Job 
Secured Job 

(Dependent variable) 

{Yes, No} 

C. Data Pre-processing (Feature Engineering) 

In machine learning, feature engineering is the 

process of selecting or creating features (variables) in 

a dataset to improve machine learning results. 

Feature engineering will include removing 

unnecessary or redundant features, imputation, 

binning, one-hot encoding, scaling, log transform, 

handling outliers and feature split etc. 

The process of removing unnecessary variables 

requires assessing the relevance of the variable. This 

can be done by creating a model to test the 

correlation of the variable with the dependent 

variable. Feature creation includes modifying the 

variables and creating new ones by combining 

multiple variables. 

Feature engineering is the selection of the 

relevant variables. Input data may contain many 

variables, some of which do not improve the 

prediction performance, and thus make the predictive 

model overly complex. In such a case, redundant 

variables must be removed and multiple variables are 

combined to create a new variable to make the model 

more efficient. Redundant variables from the 

student’s dataset are removed by using drop function 

in pandas. The dataset is prepared for building 

models by using feature extraction, Standard scalar 

and pre-processing modules of scikit-learn machine 

learning software. 

D. Building of Prediction Models/Classifiers: 

After collecting data from the students of 

various Engineering colleges, Data pre-processing is 

done by data cleaning, data transformation and data 

filtration and after splitting the dataset into training 

and testing datasets in the ratio of 8:2, supervised 

machine learning algorithms such as Decision Tree, 

Support Vector Machine, Naïve Bayes and K-nearest 

neighbor are applied on the training dataset so as to 

build models to predict the employability of students. 

Then the effectiveness i.e. performance and accuracy 

of the classifiers is determined by applying models 

on testing dataset. 

V. EXPERIMENTALRESULTS 

A. Evaluation Methods 

To evaluate the models or classifiers with test 

data, models are used to predict the dependent or 

target variable of the testing dataset. Then, the 

predicted values and actual values of the dependent 

variable are compared to evaluate the performance of 

the model. Evaluation is more challenging than 

looking at the number of correct predictions. In order 

to evaluate the effectiveness of a prediction model, 

predicted values must be compared with actual 

values.  

TABLE 2 CONFUSION MATRIX 

CONFUSION MATRIX 

 Predicted as True Predicted as False 

Actually True True Positive (TP) False Negative (FN) 

Actually False False Positive (FP) True Negative (TN) 

There are multiple criteria for measuring the 

effectiveness of a model. The matrix that shows the 

possible prediction results is called as a confusion 

matrix. It gives information about successful positive 

predictions, successful negative predictions, number 
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of positive results predicted as negative and number 

of negative results predicted as positive. Table 

2shows the confusion matrix. There are different 

evaluation criteria that can be obtained from these 

values. One of them is accuracy. It is calculated as 

Accuracy =  
TP + TN

TP + FP + TN + FN
 (8) 

 

Accuracy is basically the ratio of correct 

predictions. However, accuracy has limitations in 

evaluating the prediction performance. Especially, 

accuracy does not show how the cases of minority 

class are classified, when the class distribution is 

improper. As an example, a dataset that contains 50 

students, 45 of which have passed the exam, might be 

considered. A rough prediction based on the majority 

rule, predicts that every student will be placed with 

90% accuracy without using any machine learning 

algorithm. Therefore model should perform better 

than just guessing that each case belongs to the 

majority class. Hence we have some other parameters 

to measure the effectiveness of the predictions. They 

are precision, recall and f1 score (f-measure). They 

are calculated as follows, 

 

Precison =  
TP

TP + FP
 (9) 

 

Recall =  
TP

TP + FN
 (10) 

 

F1 score =  2 ∗  (
precision ∗ recall

precision + recall
) (11) 

Accurately predicting positive outcome is not 

enough. A good predictive classifier must have a 

good combination of successful positive predictions 

and successful negative predictions. Precision and 

recall are used together to make a healthier 

evaluation. The third parameter F1 score, is a way of 

having a single value that takes both precision and 

recall into account. 

B. Performance comparison of models 

To evaluate the effectiveness or performance of 

the models, they have to be compared in terms of 

effectiveness measurement parameters such as 

accuracy, precision, recall and f measure. It is clearly 

observed that Decision Tree and Support Vector 

Machine outperformed the Gaussian Naïve Bayes 

and K-Nearest Neighbor, by predicting the 

employability of students with 98% accuracy. Fig.2 

depicts the Accuracy of these classifiers. Table3 

shows the performance comparison of models built 

using supervised machine learning algorithms. 

TABLE.3PERFORMANCE COMPARISON OF MODELS 

PERFORMANCE COMPARISION OF MODELS 

Algorithm Accuracy Precision Recall F-measure 

DT 98 98 97 98 

GNB 85 85 88 85 

SVM 98 98 97 98 

KNN 85 85 88 85 

C.  Factors impacting the employability of students 

It is also clearly observed that the factors such as 

aptitude and reasoning skills, communication skills, 

family income status, mentor and quality of teaching 

are significantly impacting the employability of 

students. 
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1. Aptitude and Reasoning skills 

It is clearly determined that the students who are 

good or average at aptitude and reasoning skills 

performed extremely well during the recruitment 

process than the students who are poor at aptitude 

and reasoning skills. Hence we can conclude that 

aptitude and reasoning skill plays a key role in 

getting job. Fig.3 depicts the impact of aptitude and 

reasoning skills on the employability of students. 

2. Communication skills 

It is clearly determined that the students who are 

good or average at communication skills performed 

extremely well during the recruitment process than 

the students who are poor at communication skills. 

Hence we can conclude that communication skill 

plays a key role in getting job. Fig.4 depicts the 

impact of communication skills on the employability 

of students. 

3. Family income status 

It is clearly determined that the middle class 

students are performing extremely well during the 

recruitment process than the students who are poor 

and rich. Hence we can conclude that family income 

status plays a key role in getting job. Fig.5 depicts the 

impact of family income status on the employability 

of students. 

4. Mentor 

It is clearly determined that the students, who 

are having mentor performed extremely well during 

the recruitment process than the students, who are not 

having mentor. Hence we can conclude that having 

mentor plays a key role in getting job. Fig.6 depicts 

the impact of mentor on the employability of 

students. 

5. Quality of teaching in college 

It is clearly determined that the students from 

the college, where the quality of teaching is good or 

average performed extremely well during the 

recruitment process than the students from the 

college where the quality of teaching is poor. Hence 

we can conclude that the quality of teaching plays a 

key role in getting job. Fig.7 depicts the impact of 

quality of teaching of college on the employability of 

students. Fig.8 depicts the employability of the 

students. 

 

Fig.2. Accuracy of classifiers 

 

Fig. 3. Impact of aptitude and reasoning skills in getting job 
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Fig. 4. Impact of communication skills in getting job 

 

Fig. 5. Impact of family income status in getting job 

 

Fig. 6. Impact of mentor in getting job 

 

Fig. 7.Impacting of teaching in getting job. 

Fig.8.prediction of student’s employability 

VI. CONCLUSION 

It is clearly observed that Decision Tree and 

Support Vector Machine are outperformed the Naïve 

Bayes and K-nearest neighbor, are predicting the 

employability of the students with 98% accuracy. It 

is also clearly observed that factors like 

communication skills, aptitude and reasoning skills, 

having a mentor, family income status and quality of 

teaching etc. are having significant impact on the 

employability of the students. This useful 

information at the initial stages of course will help 
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the higher educational institutions in making 

productive decisions during academic planning’s to 

enhance their teaching methodologies in order to 

equip the students with the employability skills and 

to conduct proper pedagogical interventions with the 

students from the beginning of the course so as to 

make them employable by the end of the course. 
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