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ABSTRACT 
 

In current day’s data mining plays an 

important role in the aspect of decision making 

activities. Frequent item set mining is an important 

step of association rule analysis, is becoming one 

of the most important research fields in data 

mining. Weighted frequent item set mining in 

uncertain databases should take both the existential 

probability and importance of items into account in 

order to find frequent item sets of great importance 

to users. As a result, the search space of frequent 

item sets cannot be narrowed according to 

downward closure property which leads to a poor 

time efficiency. In this paper, we try to find out the 

most frequent item set efficiency of given data set 

based on support or confidence value and then try 

to find out the most frequent items based on rank 

manner. 

 

I. INTRODUCTION 
 

Generally, data mining (sometimes called 

data or knowledge discovery) is the process of 

analyzing data from different perspectives and 

summarizing it into useful information - 

information that can be used to increase revenue, 

cuts costs, or both[1].  

Data Mining 

 
Figure 1. Represents the Structure of Data Mining 

From the above figure 1,it allows users to 

analyze data from many different dimensions or 

angles, categorize it, and summarize the 

relationships identified. Technically, data mining is 

the process of finding correlations or patterns 

among dozens of fields in large relational 

databases. 

 

Working 

While large-scale information technology 

has been evolving separate transaction and 

analytical systems, data mining provides the link 

between the two[2]. Data mining software analyzes 

relationships and patterns in stored transaction data 

based on open-ended user queries. Several types of 

analytical software are available: statistical, 

machine learning, and neural networks.  

Generally, any of four types of 

relationships are sought: 

 Classes: Stored data is used to locate data in 

predetermined groups. For example, a 

restaurant chain could mine customer purchase 

data to determine when customers visit and 

what they typically order[3]. This information 

could be used to increase traffic by having 

daily specials. 

 Clusters: Data items are grouped according to 

logical relationships or consumer preferences. 

For example, data can be mined to identify 

market segments or consumer affinities. 

 Associations: Data can be mined to identify 

associations. The beer-diaper example is an 

example of associative mining. 

 Sequential patterns: Data is mined to 

anticipate behaviour patterns and trends. For 

example, an outdoor equipment retailer could 

predict the likelihood of a backpack being 

purchased based on a consumer's purchase of 

sleeping bags and hiking shoes[4]. 

Data mining consists of five major elements: 

1) Extract, transform, and load transaction data 

onto the data warehouse system. Store and 

manage the data in a multidimensional 

database system[5]. 

2) Provide data access to business analysts and 

information technology professionals. 

3) Analyze the data by application software. 

4) Present the data in a useful format, such as a 

graph or table. 
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Different levels of analysis are available: 

 Artificial neural networks: Non-linear 

predictive models that learn through training 

and resemble biological neural networks in 

structure. 

 Genetic algorithms: Optimization techniques 

that use process such as genetic combination, 

mutation, and natural selection in a design 

based on the concepts of natural evolution[6]. 

 Decision trees: Tree-shaped structures that 

represent sets of decisions. These decisions 

generate rules for the classification of a 

dataset. Specific decision tree methods include 

Classification and Regression Trees (CART) 

and Chi Square Automatic Interaction 

Detection (CHAID). CART and CHAID are 

decision tree techniques used for classification 

of a dataset. They provide a set of rules that 

you can apply to a new (unclassified) dataset to 

predict which records will have a given 

outcome. CART segments a dataset by 

creating 2-way splits while CHAID segments 

using chi square tests to create multi-way 

splits. CART typically requires less data 

preparation than CHAID. 

 Nearest neighbor method: A technique that 

classifies each record in a dataset based on a 

combination of the classes of the k record(s) 

most similar to it in a historical dataset 

(where k=1). Sometimes called the k-nearest 

neighbor technique. 

 Rule induction: The extraction of useful if-

then rules from data based on statistical 

significance. 

 Data visualization: The visual interpretation 

of complex relationships in multidimensional 

data. Graphics tools are used to illustrate data 

relationships. 

 

       

II. LITERATURE SURVEY 

 

Data Mining, the extraction of hidden 

predictive information from large databases, is a 

powerful new technology with  great potential 

to analyze information in the data warehouse. Now 

a days it is playing an increasingly important role 

in decision making activities. Frequent item set  

mining, as an important step of association rule 

analysis, is  becoming one of the most important 

research fields in data mining. Weighted frequent 

itemset mining in uncertain databases should  take 

both the existential probability and importance of 

items into  account in order to find frequent 

itemsets of great importance to users[7]. 

 

Xuejian Zhao, Xinhui Zhang, Pan Wang, 

Songle Chen and Zhixin Sun Data mining 

technology has been playing an increasingly 

important role in decision making activities. 

Frequent itemset mining, as an important step of 

association rule analysis, is becoming one of the 

most important research fields in data mining.  

Weighted frequent itemset mining in uncertain 

databases should take both the existential 

probability and importance of items into account in 

order to find frequent itemsets of great importance 

to users. However, the introduction of weight 

makes the weighted frequent itemsets not satisfy 

the downward closure property any longer[8]. As a 

result, the search space of frequent itemsets cannot 

be narrowed according to downward closure 

property which leads to a poor time efficiency. In 

this paper, the weight judgment downward closure 

property for weighted frequent itemsets and the 

existence property of weighted frequent subsets are 

introduced and proved first. Based on these two 

properties, the WD-FIM (Weight judgment 

Downward closure property based Frequent Itemset 

Mining) algorithm is proposed to narrow the 

searching space of weighted frequent itemsets and 

improve the time efficiency. Moreover, the 

completeness and time efficiency of WD-FIM 

algorithm are analyzed theoretically. Finally, the 

performance of the proposed WD-FIM algorithm is 

verified on both synthetic and real-life datasets. 

 

Rana Ishita and Amit Rathod Data mining 

is process of extracting useful information from 

different perspectives. Frequent Item set mining is 

widely used in financial, retail and 

telecommunication industry. The major concern of 

these industries is faster processing of a very large 

amount of data. Frequent item sets are those items 

which are frequently occurred[9]. So we can use 

different types of algorithms for this purpose. 

Frequent Item set mining can be performed Apriori, 

FP-tree, Eclat, and RARM algorithms. For the 

work in this paper, we have analyzed widely used 

algorithms for finding frequent patterns with the 

purpose of discovering how these algorithms can 

be used to obtain frequent patterns over large 

transactional databases. This has been presented in 

the form of a comparative study of the following 

algorithms: Apriori, Frequent Pattern (FP) Growth, 

Rapid Association Rule Mining (RARM) and 

ECLAT algorithm frequent pattern mining 

algorithms. This study also focuses on each of the 

algorithm’s advantages, disadvantages and 

limitations for finding patterns among large item 

sets in database systems[10]. 

 

Pavani Kandadai, Sunil Nadella Frequent 

item set mining (FIM), as a vital advance of 

affiliation rule investigation is getting to be a 

standout amongst the most critical research fields 
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in information mining[11]. FIM generally utilized 

in the field of accuracy showcasing, customized 

suggestion, arrange advancement, restorative 

analysis, etc. Weighted FIM in unsure information 

bases should consider both existential probability 

and significance of things so as to discover 

Frequent item sets of incredible significance to 

Users. The weighted incessant item sets not fulfill 

the descending conclusion property any more. The 

search space of frequent item sets can't be limited 

by descending conclusion property which prompts 

a poor time proficiency. The Weight judgment 

descending conclusion property-based FIM (WD-

FIM) algorithm is proposed to limit the searching 

space of the weighted frequent item sets and 

improve the time effectiveness. The development 

of division was bolstered by headways in 

innovation. The move into computerized 

empowered a simpler catch and maintenance of 

information while progressively effective 

information bases encouraged the ease of use of 

that information[12]. 

 

III. EXISTING SYSTEM 
 

Weighted frequent item set mining in 

uncertain databases should take both the existential 

probability and importance of items into account in 

order to find frequent item sets of great importance 

to users. However, the introduction of weight 

makes the weighted frequent item sets not satisfy 

the downward closure property any longer. As a 

result, the search space of frequent item sets cannot 

be narrowed according to downward closure 

property which leads to a poor time efficiency. 

 

LIMITATION OF EXISTING SYSTEM 
 

The following are the limitation of 

existing system. They are as follows: 

1. There is no accurate results 

2. More Time Complexity 

3. In accurate Results 

4. Weighted frequent item sets not satisfy the 

downward closure property. 

 

IV. PROPOSED SYSTEM 
 

In the proposed system we try to use 

weighted frequent pattern item set algorithm use 

which use compact data structure based on the 

following properties,  Frequent pattern generation 

mining perform one scan of database  to  determine 

the set of frequent items. Method needs to store 

each item in a compact structure, thus more than 

two database scan unnecessary. Each frequent item 

located in the FP – tree and each node hold items 

and count of the frequent item. Each item have to 

be sorted in their frequency descending[13]. 

 

 
Figure 2. Represents the Systematic 

representation of Proposed Frequent Item 

Set Mining Algorithm 
 

  

WEIGHTED FREQUENT ITEM SET 

MINING ALGORITHM 
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Figure. 3. Denotes the Proposed Weighted 

Frequent Item Set Mining Algorithm 

 

The WFP tree contains following attributes which 

is shown in below figure 2.They are as follows: 

 WFP – tree structure stores all necessary 

information about frequent item sets in a 

database[14]. 

 A Weighed frequent pattern tree (or WFP-

tree in short) is defined as  

 1. The root labeled with “null” and set of 

items as the children of the root.  

 2. Each node contains of three fields: 

item-name (holds the frequent item),                

                count (number of transactions that share 

that node), and node- link (next node in the  

               FP-tree). 

           3. Frequent-item header table contains two 

fields, item-name and head of node link[15].  

                   (points to the first node in the FP-tree 

holding the item). 

V. RESULT AND DISCUSSION 

 

In this section we try to examine the 

proposed algorithm and generate reports based on 

the sample input data set. Here we try to choose a 

data set like “MUSHROOM.dat” which is used for 

generating frequent item sets. 

 

OUTPUT SCREENS 
 

1) Home Page 

 

 
Figure  4. Represents the Main Window  for 

the Proposed Application 
 

Explanation: 

 

The above window clearly represents the 

home window in which there is a option to choose 

or open a data set.Once the data set is choosed 

there is a facility to enter the support or confidence 

value and then the algorithm is applied. 

 

USER CHOOSE INVALID DATA SET AS 

INPUT. 
 

 
 

Figure 5. Represents the Data User 

INAVLID INPUT selected 
 

Explanation: 

 

The above window clearly represents that 

user need to choose a valid input file other wise the 

data will not be valid. 
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USER CHOOSE VALID DATA SET 

AS INPUT 

 

 
 

Figure 6. Represents the Valid Data set is 

Choosed as Input 
Explanation: 

 

The above window clearly represents the  

user need to choose a valid data set as input and in 

our proposed application we take 

MUSHROOM.dat as the valid input data set. 

 

DATA SET IS LOADED 
 

 
 

Figure 7. Represents the Data Set is loaded 

and Records are Retreieved 
 

Explanation: 

 

The above window clearly represents the 

user  uploaded a valid data set and all the input 

values are retreieved. 

 

 

USER TRY TO GIVE OUT OF RANGE 

VALUES FOR CONFIDENCE 

 

 
 

 

 
 

Figure 8.  Represents the Error Condition 

for Proposed Application 
 

Explanation:  

 

Here the user need to choose a valid input for the 

given data set. 

 

USER CHOOSE A VALID INPUT 

 
Figure  9. Represents the Main Window 

with Valid Support Value for the Proposed 

Application 
 

 

http://jespublication.com/


Vol 10, Issue 11, Nov / 2019 

ISSN NO: 0377-9254                                  

  

 

 

www.jespublication.com Page No:439 

  

 

Explanation: 

The above window clearly represents the 

user choosed the support value as 90. 

 

 

USER WILL CHOOSE RUN BUTTON TO 

CHOOSE THE ALGORITHM 

 

 
 

 
 

Figure 10.  Represents the Main Window 

with Frequent Item Sets for the Desired 

Support Value 
 

Explanation: 

 

The above window clearly represents the 

proposed algorithm retreived the values in a 

weighted manner as per the desired support 

value.Also at the end of the report the execution 

time in milliseconds is also calculated. 

 

USER NOW CHOOSE SUPPORT AS 50 

AND APPLY PROPOSED ALGORITHM 

 

 
 

 
 

Figure 11. Represents the Window with 

Support Value as 50 
 

Explanation:The above window clearly represents 

the  user had choosed the support values as 50 for 

the proposed application. 

 

VI.CONCLUSION & FUTURE WORK 
 

In this proposed thesis we for the first time 

designed a novel frequent pattern mining is used 

for finding frequent item sets among items in a 

given data set. The results show that FP-Mining 

Algorithm is best in finding the most frequent item 

sets very easily for a large and densely data set. It is 

able to generate very accurate Results and weighted 

frequent item sets will completely utilize the 

downward closure property. By conducting various 

experiments on our proposed algorithm we try to 

calculate weighted most frequent item sets  

As a future work we try to further 

investigate more and more efficient algorithms for 

retrieving the frequent item sets under weighted 

manner in very less time compared with this 

proposed WDFIM Algorithm.  
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