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Abstract 

Automatic defects detection in MR images is very 

important in many diagnostic and therapeutic 

applications. Because of high quantity data in MR 

images and blurred boundaries, stonesegmentation 

and classification is very hard. This work has 

introduced one automatic Kidney Stone detection 

method to increase the accuracy and yield and 

decrease the diagnosis time. The goal is classifying 

the tissues to three classes of normal, begin and 

malignant. . In MR images, the amount of data is 

too much for manual interpretation and analysis. 

During past few years, Kidney Stone segmentation 

in magnetic resonance imaging (MRI) has become 

an emergent research area in the field of medical 

imaging system. Accurate detection of size and 

location of Kidney Stone plays a vital role in the 

diagnosis of Kidney Stone. The diagnosis method 

consists of four stages, pre-processing of MR 

images, feature extraction, and classification. After 

Histogram equalization of image, the features is 

extracted based on discrete wavelet transformation 

(DWT). In the last stage, Convolution Neural 

Network (CNN) are employed to classify the 

Normal and abnormal Kidney Stonedetection based 

on the K-Means Clustering. 

Keywords: -Kidney Stonedetection, image 

processing, and Convolution Neural network. 

Introduction: 

In these days, the interest in digital biomedical 

image processing methods takes a most important 

position in two principal and important areas. The 

most important one is an improvement of pictorial 

information for human studies and processing of 

biomedical image data for storage.  A biomedical 

image sometimes is defined as a two-dimensional 

function, Ϝ (x,y), where x and y are the value or 

gray level of a biomedical image at a specific point.  

Ϝ are all finite, discrete quantities.  We should 

know that to say an image is a digital image is 

when it is composed of a finite number of elements, 

each of which has a particular location and value.  

For example figure shows the setting date for an 

MRI image with a gray level according to 

researchers at the University at Buffalo School of 

Medicine and Biomedical Sciences.  They have 

reported the MRI results of patients who were 

diagnosed with multiple sclerosis in childhood.  

They take MRI images during the year to diagnose 

and study the progress of Kidney StoneBiomedical 

images are as different as the areas of the human 

body.  For example, to study soft tissue in the 

human body, we have to use the MRI scan for soft 

tissue images such as Kidney Stoneand other soft 

tissue in the human body. However, those 

interested in studying hard tissue such as bone or 

cartilage should use X-ray for a hard tissue image 

rather than the MRI.   The difference in the 

biomedical image is not just in the area but also 

different in the manner of processing. 

Related Work 

segmentation is applied to separate the tumorand 

non-tumor region of brain. Also waveletfeature are 

extracted by using multilevel DiscreteWavelet 

Transform (DWT). Finally, Deep Neural Network 

(DNN) is incorporated for brain tumorclassification 

with high accuracy. This technique is compared 

with KNN, Linear Discriminant Analysis(LDA) 

andSequentialMinimalOptimization(SMO)classific

ation methods. An accuracy rate of96.97% in the 

analysis of DNN based brain 

tumorclassificationBut the complexity is very high 

andperformance is very poor. a novel bio-

physiomechanical tumorgrowth modeling is 

presented to analyze the step by steps tKidney 

Stone growth of patients. It will be applied for 

gliomas and solid Kidney Stone with individual 

margins to seizure the significant Kidney 

Stonemass effect. The discrete and continuous 

methods are combined to make a Kidney Stone 

growth modeling. The proposedscheme provides 

the likelihood to tacitlysegmenttumor-bearing brain 

images based on atlas-based registration. This 
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technique is mainly used for Kidney Stone tissue 

segmentation. But the computation time is high., 

new multi-fractal feature extraction and improved 

classification schemes are used to detect and 

segment the Kidney StoneThe texture of Kidney 

Stone tissue is extracted by using feature extraction 

scheme. The improved classification methods are 

used to find the given Kidney Stone tissue is 

Kidney Stoneor non-Kidney Stonetissue. 

Complexity is high. local independent projection-

based classification (LIPC) methodise used to 

classify the voxel of the brain. Also path feature is 

extracted in this method. Hence no need to perform 

explicit regularizationinaseededtumorsegmentation 

method with new Cellular Automata (CA) 

technique is presented, which is compared with 

graph cut based segmentation method. The seed 

selection and Volume Of Interest is calculated for 

efficient Kidney Stonesegmentation. AlsoStonecut 

segmentation is incorporated into this work. The 

complexity is low. But the accuracy is low. new 

Kidney Stonesegmentation is introduced, which is 

also called multimodal Kidney Stonesegmentation 

scheme. Also combing different segmentation 

algorithm in order to achieve high performance 

than the existing method. But the complexity is 

high. the survey of Kidney 

Stonesegmentationispresented.DiscussaboutVariou

ssegmentation methods such as Region based 

segmentation, threshold based segmentation, 

fuzzyC Means segmentation 

Existing System: 

Earlier systems will detect the Stone but the 

drawback in the existing system is that the stages in 

the Stone identification is somewhat tedious 

process, without the level and stage of the Stone  

further proceeding to the treatment will not be 

desired. 

Disadvantages: 

High Computational complexity 

Poor discriminatory power 

 

Proposed Method: 

The Project proposes to spot the Stone from MRI 

scanned medical images using multi clustering 

model and morphological process. The 

segmentation refers to the process of partitioning a 

digital image into multiple segments. The Kidney 

MRI is taken and its noises are removed using 

filters and then applied spatial Fuzzy C means 

Clustering algorithm for the segmentation of MRI 

Kidney images. The morphological process will be 

used to smooth the Stone region from the noisy 

background. The segmented primary and secondary 

regions are compressed with hybrid techniques for 

telemedicine application. 

Advantages: 

High Accuracy 

Low complexity 

 It can segment the Brain regions from the image 

accurately. 

 It is useful to classify the Kidney Stoneimages for 

accurate detection. 

 Kidney Stonewill be detected in an early stages 

 

APPLICATIONS 

Kidney Stonediagnosis system for medical 

application 

CONCLUSION& Future Scope 

This paper has given a far reaching outline of the 

best in class MRI-based Kidney Stonedivision 

techniques. Asignificant number of the present 

cerebrum stone division strategies works MRI 

images due to the non-intrusive and great delicate 

tissue differentiation of MRI and utilizes grouping 

and bunching techniques by utilizing diverse 

highlights and considering spatial data in a 

nearbyneighborhood. The motivation behind these 

strategies is to give a fundamental judgment on 

finding, Stone checking, and also treatment. And 

also to give strong outcomes inside a sensible 

calculation time..  

 Result: 

The proposed system is to identify the Kidney 

Stone with the use of neural networks. Based on 

that further treatment can be proceeded. Main 

advantage is that the identification of the level. It is 

the main in the clinical treatment. 

 

Fig1: No Stones 
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Fig2: Effected in 30% Kidney Stones 

 

Fig2: Effected in 50% Kidney Stones 
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