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Abstract - Cloud Wizard is an intelligent data 

pipeline engine that allows data to be 

transformed and integrated so it’s AI Ready. 

Cloud Wizard can process structured, 

unstructured and IOT data from internal 

systems or external sources such as websites. 

Cloud Wizard identifies and enriches any data 

source in minutes and makes these details 

available for use by the other product 

integrates anything, anywhere, on-demand and 

as-is. The platform combines Tribal 

Knowledge with IoT, unstructured data and 

external dark data to create enterprise 

applications that work together to assess and 

reduce risk, eliminate unwarranted liabilities, 

and ensure a high revenue ecosystem. The 

platform captures Tribal Knowledge and other 

hidden data across your enterprise and 

delivers intelligent answers in minutes. 

And Pipeline in general is to do data 

processing elements connected in series, 

where the output of one element is the input of 

the next one. Every Pipeline starts with Data 

Source task, ends with Sink task and in 

between may contain transformer tasks. 

Keywords – Cloud Computing, Internet of 

Things, AI. 

I. INTRODUCTION 

Cloud Wizard is an intelligent data pipeline 

engine that allows data to be transformed and 

integrated so it’s AI Ready. Cloud Wizard can 

process structured, unstructured and IOT data 

from internal systems or external sources such 

as websites. Cloud Wizard identifies and 

enriches any data source in minutes and makes 

these details available for use by the other 

product. 

If we want to give a solution we need to 

develop it from the scratch like stepping the 

project adding authentication and 

authorization providing the solution and its 

user interface like graphs and other chart 

forms as its time taking process and a 

repetitive task for each solution. The main 

drawbacks of the project are it requires more 

manpower, increase time complexity and there 

is no efficient system. 

Using Cloud Wizard platform we can provide 

solutions with a quick turn around time it has 

all common functionality available in cloud 
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wizard core project,Cloud wizard has the AI 

and Machine learning capabilities which is 

useful. for example it has dynamic schema 

generation developed using AI ,Cloud wizard 

is providing the Tribal knowledge capabilities 

and can interacts with data lakes with a 

minimal configuration 

Advantages 

• It has optimal storage and efficient data 

retrieval layer 

• It is a efficient system 

• It reduces time complexity  

• It will reduce manual efforts  

This project is used to implement solutions for 

wide verity of domains and verticals to give a 

quick solution for complex problems it 

supports all structured and unstructured data 

and supports schema and schema less 

databases. Product supports AI integration and 

Machine learning capabilities. Cloud Wizard 

is an intelligent data pipeline engine that 

allows data to be transformed and integrated 

so its ―AI Ready.‖ Cloud Wizard can process 

structured, unstructured and IoT data from 

internal systems or external sources such as 

websites. Cloud Wizard identifies and 

enriches any data source in minutes and makes 

these details available for use by the other 

products. 

 

II. BACKGROUND WORK 

A) Automatic  Persistence  of The 

Knowledge Graph 

Knowledge graphs are critical to many 

enterprises today: They provide the structured 

data and factual knowledge that drive many 

products and make them more intelligent and 

"magical." In general, a knowledge graph 

describes objects of interest and connections 

between them. For example, a knowledge 

graph may have nodes for a movie, the actors 

in this movie, the director, and so on. Each 

node may have properties such as an actor's 

name and age. There may be nodes for 

multiple movies involving a particular actor. 

The user can then traverse the knowledge 

graph to collect information on all the movies 

in which the actor appeared or, if applicable, 

directed. Many practical implementations 

impose constraints on the links in knowledge 

graphs by defining a schema or ontology. For 

example, a link from a movie to its director 

must connect an object of type Movie to an 

object of type Person. In some cases the links 

themselves might have their own properties: a 

link connecting an actor and a movie might 

have the name of the specific role the actor 

played. Similarly, a link connecting a 

politician with a specific role in government 

might have the time period during which the 

politician held that role. 
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Knowledge graphs and similar structures 

usually provide a shared substrate of 

knowledge within an organization, allowing 

different products and applications to use 

similar vocabulary and to reuse definitions 

and descriptions that others create. 

Furthermore, they usually provide a compact 

formal representation that developers can use 

to infer new facts and build up the 

knowledge—for example, using the graph 

connecting movies and actors to find out 

which actors frequently appear in movies 

together. This article looks at the knowledge 

graphs of five diverse tech companies, 

comparing the similarities and differences in 

their respective experiences of building and 

using the graphs, and discussing the 

challenges that all knowledge-driven 

enterprises face today. The collection of 

knowledge graphs discussed here covers the 

breadth of applications, from search, to 

product descriptions, to social networks: 

B) Optimal Storage Platform 

A central theme of new technology 

requirements surrounding big data is the 

ability to host data effectively. The foundation 

of a big data technology stack is the storage 

layer. Despite the common rhetoric that smart 

software can efficiently manage storage 

distributed across many ―cheap as possible‖ 

commodity servers, the hardware 

infrastructure dictates the actual 

characteristics of the storage and the 

applications built upon it. Performance, 

scalability, reliability, availability, 

accessibility, and manageability are all 

fundamental operational requirements, but 

there are often mistaken assumptions about 

what is needed to get the best results for big 

data solutions. Additionally, the landscape of 

data required for analytics is evolving rapidly 

so how should IT architects approach 

choosing an optimal storage foundation for all 

of their data? The good news here is that well-

understood traditional enterprise operational 

requirements aren’t changing, only the 

technologies that can deliver them. 

C) Efficient Data Retrieval Layer 

In a data pipeline, data normally go through 2 

stages: Data Processing and Data Access. For 

any type of data, when it enters an 

organization (in most cases there are multiple 

data sources), it is most likely either not clean 

or not in the format that can be reported or 

analyzed directly by the eventual business 

users inside or outside of the organization. 

Data Processing is therefore needed first, 

which usually includes data cleansing, 

standardization, transformation and 

aggregation.  

The finalized data is then presented in the Data 

Access layer — ready to be reported and used 
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for analytics in all aspects. Data Processing is 

sometimes also called Data Preparation, Data 

Integration or ETL; among these, ETL is 

probably the most popular name. Data 

processing and data access have different 

goals, and therefore have been achieved by 

different technologies. Data Processing for big 

data emphasizes ―scaling‖ from the beginning, 

meaning that whenever data volume increases, 

the processing time should still be within the 

expectation given the available hardware. The 

overall data processing time can range from 

minutes to hours to days, depending on the 

amount of data and the complexity of the logic 

in the processing. On the other hand, data 

access emphasizes ―fast‖ response time on the 

order of seconds. On a high level, the 

scalability of data processing has been 

achieved mostly by parallel processing, while 

fast data access is achieved by optimization of 

data structure based on access patterns as well 

as increased amounts of memory available on 

the servers. 

D) Business Intelligence 

Reporting is a central facet of business 

intelligence and the dashboard is perhaps the 

archetypical BI tool. Dashboards are hosted 

software applications that automatically pull 

together available data into charts and graphs 

that give a sense of the immediate state of the 

company. Although business intelligence does 

not tell business users what to do or what will 

happen if they take a certain course, neither is 

BI solely about generating reports. Rather, BI 

offers a way for people to examine data to 

understand trends and derive insights by 

streamlining the effort needed to search for, 

merge and query the data necessary to make 

sound business decisions.  

III. PROPOSED WORK 

The proposed work shown in the figure 1. 

 

Fig. 1: Proposed Framework. 

Implementation Modules 

Wide Range of Data Connectors 

Out of the box data connectors for structured, 

unstructured, time series and experimental 

data sources empowers users to prototype and 

deploy production grade applications with 

little effort and governance. 

Data Processing Layer 

A visually rich data pipeline processor allows 
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connectors to a wide range of sources, enables 

a wide range of analytical and AI based 

transformations and provides for write options 

to a range of cloud and on-premise data sinks. 

Native and Hybrid-Cloud Ready 

Native capabilities purpose-built for cloud 

providers like AWS & Azure, help to exploit 

the home-grown advantages of popular cloud 

vendors without sacrificing the cross-purpose 

abstraction and portability across a hybrid 

ecosystem. 

Data-As-A-Service 

Built on top of popular open source options 

like Apache Dremio, the Data- as-a-service 

stack provides a multi-modal, SQL-like query 

framework that cuts across multiple, disparate 

data sources, providing a homogenous, 

democratized data analytics layer across large 

scale heterogenous data silos, 

Data Tiering 

A Big Data scale, homogenous data tiering 

architecture that provides a â€œhot, warm, 

coldâ€• delineation of storage options that 

helps optimize technological and economic 

advantages of various cloud and on-premise 

storage options. 

Auto-Modeling 

A cloud ready workbench that uses Machine 

learning and AI to convert business questions 

and analytical requirements into semantic, 

logical and physical models based on a 

Natural Language framework that interprets 

intent and translates it into an optimum 

execution plan. 

Auto-Preparation 

A business friendly cloud ready workbench 

for sampling of large-scale data to help with 

data preparation for various machine learning 

and statistical modeling functions. Ready 

access to hundreds of quality, audit, data-

shaping and data profiling transformations that 

help to convert raw data into business and 

semantic artifacts. 

Schema on Read 

A dynamic SQL plan fabrication framework 

that can be containerized in a scalable way in 

order to translate the query intent into an 

optimum schema. 

IV. RESULT ANALYSIS 

 

Fig. 2: Manage Schema Objects 
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Fig. 3: pipelines 

 

 

Fig. 4: Refund Toll Tag 

 

 

Fig. 5: Refund QR code 

 

 

Fig. 6: Refund Ticket 

 

 

Fig. 7: Refund Inadquate 

 

 

Fig. 8: Inadquate Data 
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Fig. 9:Customer Data  

 

 

Fig. 10:Transaction Data in Chat 

 

 

Fig. 11: Transaction Data in Graphs 

V. CONCLUSION 

In conclusion, Cloud Wizard is recently new 

technological development that has the 

potential to have a great impact on the world. 

It has many benefits that it provides to it users 

and businesses. For example, some of the 

benefits that it provides to businesses, is that it 

reduces operating cost by spending less on 

maintenance and software upgrades and focus 

more on the businesses it self. And we can 

provide solutions with a quick turn around 

time it has all common functionality available 

in cloud wizard core project, Cloud wizard has 

the AI and Machine learning capabilities. 

which is useful optimal storage and efficient 

data retrieval layer, efficient system, reduces 

time complexity, reduce manual efforts. 
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